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Figure 1. A typical tea
field. The tea treas are
trimmed into narrow
ridges. The Black arrows ‘ ‘
denote a movement of a
management machine.
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2.1. Histogram Backprojection
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Figure 2. Image processing flow

of the proposed method.
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2.2. Binary Image Evaluation
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Figure 13. Sample detection
results. (a) Correct (Normal).
(b) False (End). The yellow
and red line denote a ground
truth and detection result
respectively. The purple
rectangle denotes the area
outside a tea field.
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