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p({W|M) node importance distribution
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p(E|W, M) link distribution

01000000

fNECDODDDDODODODOO00000

ooonof

Kenji Yamanishi

2 DOO0b0oOOoo

0000000000000 {0,1} 020000000000
O0O0000E €&™", W e W', M 0000000000
00000000000000000000000& ={0,1}
00 W=[0,R](R>0)00n00000000000000
000000000

P(E,W,M) = P(E|W,M) - P(W|M)-P(M). (1)
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le,w, M) = l(e|lw, M) + {(w|M) + £(M). (4)
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