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2.1.1 Local Difference Pattern(LDP)
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2.1.2 Radial Reach Difference(RRD)
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0 1 The accuracy of object detection
| | 000 000 | FO ]
GMM [1] 76.3% | 42.6% | 54.7%
LBP [2] 53.4% | 13.3% | 21.3% |
Spatio-temporal[3] || 38.6% | 89.9% | 54.0%
ooooO (LDP) 72.0% | 88.9% | 79.6%
0000 (RRD) || 82.7% | 84.5% | 83.6%
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