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Algorithm 1 + ¥y 27 € 7))L O Al Fe
for h'¥v 2 k=1, ---, Kdo
HiZE 5341 % "E X ¢y ~ Dirichlet(B)

end for
for XEd=1,---, Ddo
MW 74 ?E%_”EEJZ 6, ~ Dirichlet(a)
for % n=1, ---, N;do
My 7 % & z4, ~ Categorical(6,)
HiEE % 42 % wy, ~ Categorical(@,,,)
end for
end for
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F£1: bEY 30D EDFH

FIk AR FHE FE
BIiLSTM (+GloVe) 048 049 048

BiLSTM (+GloVe+LDA)  0.63 0.64 0.63
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