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observed sample sequences

‘ Subspace Identification
observation matrix : H

fix
" observation noise covariance : R )

‘ Dynamics Clustering ‘

number of dynamical systems : N —— fix

interval transition matrix : A )»

interval duration p.d.f. : L(t)
interval transition matrix : A )»
)

. ]
‘ EM-Algorithm W initialize

process noise covariance : Q) ..., Q
transition matrix : F"..., F¢

process noise covariance : Q) ..., Q"

transition matrix : " ..., F* .
interval duration p.d.f. : L(t)
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