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PEREHM B HEE § 52 27 4 2 LT Adaptive Learning
Systems-Knowledge Level (ALS-KL) %R L T\ 3.
ALS-KL TR¥EEE DR L ME DS E % 2 h e hs)
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Choose the most appropriate choice in blanks.

(1) In the past, sailors had to use the stars to ) when they were on an ocean. These
days, ships have modern equipment that shows sailors which way to go.
show  <navi

track igate  reckon

(2) "Janet is always complaining about her job." "Yeah, I'm getting (
she'd stop."

shot sick

) of it. T wish

discouraged  shead

(3) Kevin got stuck in a snowstorm while driving home. The weather was so bad that he had

(a) PRI B 5 % I

BR

(1) In the past, sailors had to use the stars to ) when they were on an ocean. These

n equipment that shows sailors which way to go.

(2) "Janet is always complaining about her job." "Yeah, I'm getting (
shed stop.”

) of it. T wish
R, 6 sk .
(ExR

: .

(b) % L 7RI 2184 5 5 HH

X 4: EERCTHWZ Web 7 7)) 7 —3 = > OHEHE
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AFETIEERIEEFEAD RTD I LT, HFEOH
FIZIC & D B A3l & 7= Z2Fi i 7R D FLEE 2 ROsR
BT 27— &ty Mh5E50TE 3167 MEHAWV
T, $EELEE Y LTS 2 - TV B HEEZ BN &
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AL R T E 2 koW e 2R

4.3 FEYIBREERZEDRL 12 DORME
AEBTIZGERS O (4] TR SN EYIZE5EL
CEBHL, BES 62 Zhzhor 10 EDT.
4.4 HZERFEOEE

AFEBRTIIS AT LI LB HREREORAEY LT
Bho VP ERREREZRWE. 20OFEME LT, 38
RIEMRRZ FHE U5 [10] OFER%Z D 2128 F I
B 2 WY 5 & SEHIERRR DS 60% 702 & 90% DRI
HLIREBYER L. 205 2 THIMEMSREE 5 R
T CHEERO Y EMRREEL, ZDIEMRREN
60%LL N DS I EEELL 2 BN S 2 8% 10 HFED 2
J RIS CHEE BLEE, 90%D EDHEIXHE
B % 10 HFED 720 L X ¢ CEE b X8 7.
45 FEERICAVRE

BRI ERRE D L ICHE DS ERE 21T S
S A THEEICHWSBED LA DG ENFHE—I LT
LZREMNDH L. FITAERTIE, EROBEMZHE
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T, FEEBTELC 2 HBEETEH L. RERIIR
1Ak, ME1HR, 2 HoBAEMEHE L TEML .
4.6 EERERIEHLJUREREM

ARERE, Flask ICX DBIFE L= Web 7 7V 7 —2 1
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SIE IR 4() 1ORT & 5 RZHEERMEEREL, 5
RIS LikH 5 Z 212K 4(b) IR T & 5 RREDIFR,
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REB- BNEIIEAZR 7 LT1HIZOE 1 EMT
&K 100 MOZEE2BHAMIToTH 55 X5 ERL,
Zo#HHIC 1 B O¥EIZoZE 1,000 Ho0&%k%e
ot

1) https://huggingface.co/
2) RAEHKYE BT AEMibE KEEHE £ >~ X — (CELESE) @ Ralph
Rose #iZ 2 B L Tz W=7 — &+ v b
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BHMEDIRE U T i — 0@ R 2 L 725
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X 5(b) xEnEh, HIRUE 1 RoOBEMEPFEHL S
B0, BEFRICX 28R noOMEOETEL I X 5
FEROVEEMREOZEEZRL TV, ELRPOH
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2y MU= M INTIELL 722G TER D -
7z pO2 IFEENT VAR,

X 5(a) &b, & 11 %+ 7% (po1, po3, pos,
po6, p08, plo, pll) FREFETHH LIRFDRKE
72 B EfRR DS 60%72 5 0% D H B Z b, %
K DBMFBIRET R & - CHYIGE G B2 L
EEDEREICIR B Z e R I Nz, F72K 5(b) & D,
ZME 11 % 24 (p10, pll) DAHBITOMEDFELL
e THE U 7RO A2 - IE R DY 60% 0> & 90% D
Micd b, pol, po3, pos5, p06, p08 M 54ITB L Tk
REFETEE LR A0 2 8 5 5 2 M L 72220
AL LZZeh s, REFRCLIHMEOH SR
BTN ATONT Z e IRB X N7z,

52 HILROEZBEEREOHZEICETIER

BEMHE 1 WG 8 OREFRIC L 25 L
T, ZEFOMEOHSEEICHT 2 HIRE S8
MoRZEHEREZK 6 1IRT. K6 kb, EEERTIES
& 11 % 7 SAHSEY) IR 5 R MR L 72 N\ L HE
BLCHEDLS T, 11 B 7 427 TS EZL
2RELT, BH Lo/ ) EEHEFL TV Z
DI HBMHE 54 (pol, p03, p06, pos, pld) DMEIE
HHZPR1IWORT. 1 XD, HIZHENPHELVEET
J2HH Y UT, BRI N85 O HEE B RO #E 5 D
Eolzl e B—HeEZILNE. FDI-DESHOMHE
LT, sEELOMS B x ke 2 HHEI1C RTD OH72
T K HEED frequency Fd BT 2LEND 5.

6 i

AFTIE, HIZMANBEEAAE: Adaptive Learning
PR T 27-DORIOEM L LT, BEOZEIERRE
D O 72 sEEL R AR T 2 Z ¥ THEEEICEDYE
MEOHS EHEPIT S FRERE L. 51T, %
FRIC X 2 H 5 IR B E IS b GHYNIThR
EZOEMAT 272 DDERETo72. ZOMR, REF
BRI X > TZ L OBMFIREFIRIC & - THivI R 5
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A DG R YN T b Z L R e,
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